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Recently, large amounts of data are being collected over time through sensors in various manufacturing processes. 
Using the collected time series data, it is possible to quickly detect anomalies that may occur in the manufacturing 
process in real time. The importance of anomaly detection methods utilizing time-series data in manufacturing is 
growing. In this paper, we propose an Anomaly detection framework using periodic univariate time series data 
that often occur in manufacturing processes. Our framework is based on supervised learning and focuses on 
utilizing information about known anomaly. First of all, considering that most of the time series data in the real 
world is not well processed, we process large scale time series data of the non-fixed length into data of the fixed 
length so that it can be input into the time series classification model. And time series data of fixed length are 
classified as normal or anomaly through the time series classification model. Because the classification model is 
supervised learning, model can learn information about known anomaly, and thus can utilize information 
contained in known anomaly. Then, a generative model is trained on the data classified as normal, and find a 
reconstruction error for each time point of the data classified as anomaly to detect the specific anomaly 
occurrence time. The performance of this framework was evaluated using periodic time series data included in the 
UCR Time Series Anomaly Detection dataset, a public time series benchmark dataset, and showed better 
performance than benchmark anomaly detection models. In particular, despite using a classification model, which 
is supervised learning, it detects very well even types of anomaly that the model did not learn before. In addition to 
this, using generative models, we can detect the time of occurrence of anomaly. This proposed method is expected 
to be a useful automated anonymous detection framework that can effectively identify anomalies in sensor data 
that occur in the manufacturing process and provide meaningful information. 
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